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Abstract 
Many agricultural fields across the country have a high degree of variability in soil type and water 
holding capacity that affects irrigation management. One way to overcome problems associated 
with the field variability for improving irrigation management is to utilize a site-specific irrigation 
system. This system applies water to match the needs of individual management zones within a 
field. A real-time continuous soil moisture measurement is essential for the success of site-specific 
irrigation systems. Recently the National Aeronautics and Space Administration (NASA) developed 
sensor technology that records the global positioning system (GPS) signal reflected from the sur-
face of Earth, which estimates the dielectric properties of soil and can be used to estimate soil 
moisture contents. The overall objective of this study was to determine the feasibility of utilizing 
GPS-based technology developed by NASA for soil moisture measurements and to determine the 
influence of soil type, soil compaction, and ground cover on the measurements. The results 
showed strong positive correlations between soil moisture and reflected signals. Other factors 
(soil compaction and soil type), were not significantly related to reflectivity and did not signifi-
cantly change the relationship between reflectivity and soil moisture contents. In addition, ground 
cover (rye crop) did not significantly reduce reflectivity. Therefore, this system could be used as a 
real-time and continuous nonintrusive soil moisture sensor for site-specific irrigation scheduling 
and watershed management. 
 
Keywords 
Remote Sensing, Soil Moisture, GPS, Reflectivity, Site-Specific Irrigation 
 
 
 
*Corresponding author. 
C. V. Privette III et al. 
 
 19 
1. Introduction 
Site-specific or variable-rate irrigation (VRI) technology is a relatively new concept in agriculture that applies 
irrigation water to match the needs of individual management zones within a field, significantly reducing water 
consumption, runoff, and nutrient leaching to ground water. Real-time and continuous soil moisture measure-
ments are essential for success of site-specific irrigation systems. 
Several different types of sensors, such as tensiometers [1], TDR [2], and multi-sensor capacitance probes [3]- 
[5], are currently commercially available for measuring soil water content. However, since these sensors meas-
ure soil moisture in discrete locations in a production field, a significant number of sensors would be needed to 
provide a reasonable characterization of the spatial variability normally encountered in irrigated fields in the 
Southeast USA. Therefore, using currently available soil moisture sensors for implementing site-specific irriga-
tion management through variable rate irrigation technology could be very expensive and impractical. There is a 
need to develop advanced sensing technologies that can be installed on top of overhead irrigation systems to 
continuously map soil moisture as the system moves over the field.  
Many researchers [6]-[11] have shown that variation in near surface soil moisture can be successfully esti-
mated using remote sensing in the microwave region. The frequency range of 1 - 2 GHz (30 - 15 cm wave-
length), is sensitive to variations in the dielectric properties of soil and has better penetration through vegetation 
at these relatively large wavelengths [12]. The dielectric constant of soil is closely correlated with near-surface 
soil moisture contents [10]. The global positioning system (GPS) constellation broadcasts a civilian-use carrier 
signal (L-band) at 1.575 GHz, which has been used for remote soil moisture sensing [13]. 
In 2002, the National Aeronautics and Space Administration (NASA) developed a GPS-based sensor tech-
nology that operates by recording the GPS signal reflected from the surface of Earth [13] [14]. Such a system 
(modified GPS Delay Mapping Receiver—DMR) was used on unmanned aircrafts to accommodate soil mois-
ture remote sensing [15], and were tested by NASA researchers at several different locations [13] [14]. Since re-
flected GPS signals can interfere with direct signals while the GPS satellite ascends or descends at relatively low 
elevation angles [16], the DMR is programmed to utilize the highest elevation satellite in view, so that the aver-
age elevation angle is generally above sixty-five degrees [13]. 
Strong correlations between GPS reflectivity measurements and soil moisture contents in the top 25 cm of the 
soil profile (partitioned into 5 cm layers) were reported under bare soil conditions [17]. Preliminary results [18] 
showed that many other factors such as soil type, soil compaction, and ground cover could affect the GPS ref-
lectivity. Therefore, further testing and refining of the GPS sensor technology, to account for these factors, was 
needed. The overall objective of this paper was to determine the effects of soil type, soil compaction, and ground 
cover on soil moisture reflectance values. 
2. Methodology 
Replicated tests were conducted in a field with three different soil types: Faceville loamy sand, Fuquay sandy 
loam, and Lakeland sand. Table 1 shows soil characteristics of the test areas. The 2.5-ha field was located near 
Blackville, South Carolina (Latitude 33˚20"N, Longitude 81˚19"W). 
Prior to initiation of tests, soil electrical conductivity (EC) measurements were obtained using a commercially 
available (EC) meter (Veris-3100; Veris Technologies Inc., Salina, KS) to determine variations in soil physical 
properties across the field. The Veris-3100 resembles a small disk harrow about 2-m wide (Figure 1) and meas-
ures soil EC continuously across a field in either the top 0.3 or 0.9 m of soil profile [19]. The implement was 
operated at 5.5 km/h, which resulted in 10 pairs of measurements (shallow and deep) in a 15.2 m long test plot at 
a sampling rate of 1 Hz. A geo-referenced EC map was developed using SSToolbox GIS software. The Lake-
land soil had lighter texture and lower soil EC while the Faceville soil had higher clay content and higher soil  
 
Table 1. Soil classification and texture of the test areas.                                              
Soil type Family Sand (%) Clay (%) 
Faceville Clayey-kaolinitic-thermic, Typic Paleudults 78.3 12.5 
Fuquay Loamy-siliceous-thermic, Arenic Plinthic Paleudults 85.5 8.9 
Lakeland Siliceous-thermic-coated, Typic Quartzipsamments 89.5 6.3 
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Figure 1. The Veris 3100 soil electrical conductivity meter.                    
 
EC. The average EC values for Lakeland, Fuquay, and Faceville soils were 4, 9.2, and 12.9 mS/m, respectively. 
The test field was divided into three management zones based on soil texture and soil EC values and 21 rec-
tangular plots (15.2 m × 7.6 m) were established in each zone (Figure 2). Each zone then was divided into three 
blocks and the following seven treatments were randomly applied to plots of each block within each zone:  
Treatments 1 - 3: Cover crop (“Wrens Abruzzi” rye) at three different densities (CROP); 
Treatment 4: Non-compacted bare soil (NC); and 
Treatments 5 - 7: Bare soil with three levels of soil compaction (COM). 
A randomized complete block design with three replications was the statistical model selected for evaluating 
treatments. 
Three levels of soil moisture content were established in each zone to evaluate treatment effects. The field 
was irrigated by applying 2.5 cm of water to all plots using a traveling gun. The three levels of soil moisture 
contents were achieved by collecting the reflected GPS signals from the test plots 2.7, and 15 days after irriga-
tion. The average soil moisture contents for these three days were 8.0%, 6.8%, and 2.9% (wet bases-wb), re-
spectively. There were no rainfalls during this experiment.  
Three levels of ground cover were created by planting a cover crop (“Wrens Abruzzi” rye) at three seeding 
rates (67.5, 102, and 136 kg·ha−1), six months prior to conducting field tests. After collecting the reflected GPS 
signals, surface vegetation density (ground cover) in each plot was determined by removing the above-ground 
biomass from a 1 m2 area in each plot. The samples were oven dried (60˚C for 72 hrs) to determine dry matter 
[20]. The biomass from three seeding rates averaged at 550, 2530, and 5760 kg·ha−1.  
Two weeks prior to collecting GPS reflectometer data, different levels of soil compaction were created by 
driving a tractor over the test plots. Broadcast compaction was achieved by shifting tractor by the width of the 
tractor tire every time to cover entire surface of the plots. Treatment 4 had no tracks, while treatments 5, 6, and 7 
received 1, 2 and 3 passes with tractor over entire plot, respectively. This task was completed during a single 
day following 2.5-cm irrigation. Soil compaction data were collected at different depths using a DGPS-based, 
hydraulically operated penetrometer system mounted on a John Deere Gator [21]. This data was used to quantify 
geo-referenced soil resistance to penetration. Soil compaction (Cone Index - CI) values were calculated from the 
measured force required to push a 3.2 cm2 base area, 30-degree cone into the soil [20]. The average CI values (in 
the top 25 cm of soil profile) for treatments 4, 5, 6, and 7 were 1.4, 2.5, 2.9, and 3.2 MPa, respectively.  
In order to collect the reflected GPS signals from these plots, the DMR receiver was mounted on a 9-m boom 
with a zenith Right-Hand-Circularly Polarized (RHCP) antenna viewing the sky and a nadir Left-Hand Circu-
larly Polarized (LHCP) antenna viewing the ground. “Choke Rings” were added to the GPS antennas to reduce 
multipath effects by decreasing antenna gain (Figure 3). The boom was made of a 15-cm diameter aluminum 
pipe and was equipped with a three-point-hitch attachment system for mounting on a tractor. 
C. V. Privette III et al. 
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Figure 2. Soil type, EC zones and plot arrangements of the experimental field.                    
 
 
Figure 3. GPS reflectometer mounted on the platform of a 9-m tower (Edisto Research & 
Education Center, Clemson University).                                               
 
Ground reflectance measurements were taken from each plot along the center of the rectangles using the 
DMR mounted on the 9-m tower. The resolution (foot print) of the DMR was calculated using equation 1 [13]; 
where “A” is the footprint of the reflected signal (m2), “h” is height of receiver above the surface (m), “λ” is the 
incoming signal wavelength equal to 19.03 cm (in this study), and γ is the elevation angle of satellite signal. 
2
sin sin
π
sin(sin )
h h
A
λ γ λ γ
γγ
= × ×                                (1) 
Resolution of DMR changes with the elevation angle and the height of antennas, as indicated by equation 1. 
The receiver software was set to accept only high elevation angle satellites (greater than 60 degrees) to make the 
area of reflection specific to the area directly below the receiver. At 9 m height, as the elevation angle changed 
from 60 to 90 degree, the footprint of first Fresnel zone ranged from 7.2 to 5.4 m2, respectively. 
During a data acquisition event, the satellites traverse an arc in the sky. The apparent reflection point must 
then describe an arc on the ground. Since the repeat time for the satellites and their illumination is approximately 
twice per day (exactly twice per sidereal day), arc paths can be constructed, based on the location of the GPS 
reflectometer [17]. Using this method, the GPS receiver (DMR) was located in each plot in a way that the re-
flected arc paths would cross over the center portion of the plots (Figure 4). These predicted arc paths were then 
mapped in their corresponding plots in the field. This allowed soil samples to be taken immediately following  
C. V. Privette III et al. 
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Figure 4. An example of the GPS reflected signal path (white lines) with respect to location 
of the DMR receiver (yellow dots).                                                  
 
data collection with the DMR receiver. 
Geo-referenced soil moisture measurements were taken from each plot, using a 5-cm diameter hand-held soil 
probe. To accurately take soils samples from each plot based on the exact location where the GPS signals were 
reflected from the ground; the DMR receiver was set up over a bare soil plot and allowed to collect both direct 
and reflected GPS signals over time. The arc paths then were constructed in each plot, based on the location of 
the GPS reflectometer, as described by Privette [17] et al. (2011).  
The soil cores were divided into 5-cm layers: 0 - 5, 5 - 10, 10 - 15, 15 - 20, and 20 - 25 cm and moisture con-
tents were determined for each layer. The corresponding samples from each depth layer in a test plot were com-
bined into a single sample. The sample then was placed in tin container, labeled, weighed and oven dried at 
105˚C for 24-hours using standard procedures [22].  
After the reflectance and soil moisture data were taken, the reflectivity of the GPS signals was post-processed 
using procedure described by Grant [15]. This algorithm consists of determining the power reflected from the 
soil surface which is the sum of two components: The first is the reflectivity of the vertically polarized (electric 
field vector in the plane of incidence) component of the incoming GPS signal and the second is the reflectivity 
of the horizontally polarized component (electric field vector parallel to the surface) of the electromagnetic field. 
The receiver software is set to accept only high elevation angle satellites (greater than 60 degrees) to make the 
area of reflection specific to the area directly below the receiver. As a result of symmetry the two components of 
the field are, therefore, effectively equal. Automatically added together in the antenna and properly phase shifted 
by the patch antenna, the summed square of these represent the total reflected power. 
Reflectivity is determined by forming the ratio of the total reflected power to the direct power acquired 
through the upward-looking, satellite-tracking antenna. These antennas are closely matched except in polariza-
tion to simplify system calibration. The antenna gain for both RHCP and LHCP was >4.5 dBic for elevation an-
gle between 60 and 90 degrees. The two channels inside the receiver were evaluated using a balanced RF power 
divider (Model PE2011, Pasternack Enterprises, Inc. Irvine, CA) and recording the signal-to-noise ratio (SNR). 
Figure 5 shows a very strong correlation in SNR between two channels (R2 = 0.94 and slope of 1.03). 
A simple linear regression model was developed that related the reflectivity data to the soil moisture data. An 
analysis of variance (ANOVA) F-Tests was used to determine if the slope parameter for the simple linear re-
gression model was significant and the coefficient of determination (R2) of this model was reported. To deter-
mine if a more complex model was necessary to describe the relationship of reflectivity and soil moisture, a se-
ries of multiple linear regression models were developed. These models included not only soil moisture but the 
main effects of soil compaction, soil type, and crop biomass in addition to the interaction of moisture with soil 
compaction, soil type, and crop biomass. The interaction terms were of particular interest because if these terms  
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Figure 5. SNR of top and bottom channels of DMR 
measured using the RF power divider.                  
 
were significant components of the models, then there was evidence that the relationship of reflectivity and soil 
moisture was inconsistent across different soil compactions, soil types, and crop biomasses. ANOVA F-Tests 
were used to determine if the parameters associated with the interaction terms were significant. The square root 
of GPS reflectivity “Reflectivity Index” (RI) was used as the response variable in the statistical model instead of 
actual reflectivity, because the reflectivity index and moisture appear to have a simple linear relationship. Final-
ly, the simple linear regression model for reflectively index verses moisture relationship was performed at five 
different moisture depths (5, 10, 15, 20, 25 cm) to determine if the strength of the relationship (as measured by 
the coefficient of determination, R2) differed among the moisture depths. All calculations were conducted using 
JMP 10.0.0 (SAS Institute Inc., 2012) and all tests used a significance level of 0.05. 
3. Results 
Figure 6 shows the relationship of soil moisture contents on the Reflectivity Index. A strong positive linear rela-
tionship between the reflectivity index and soil moisture content in the top 25 cm of soil was detected (R2 = 
0.788). During the reflectivity measurements, soil moisture contents of the field changed between 1% and 12% 
only, due to high sand contents of test field. The estimated linear model for this relationship is: 
RI 0.1389 0.0273M= +  
where RI equals reflectivity index and M is soil moisture contents. The estimated increase in reflectivity per unit 
increase in soil moisture contents was 0.0273. This indicates that this model has potential for estimating soil 
moisture contents from reflectivity using inverse regression. 
Figure 7 shows the relationship between the reflectivity index and soil moisture contents separated by treat-
ments (COM, CROP, NC). Using a multiple linear regression model with the main effect of moisture, the main 
effect of treatment, and the interaction of moisture and treatment; the interaction term was not significant in the 
model. This indicated that the slopes of the regression lines for the three treatments were not different. Regres-
sion line slopes were 0.02, 0.03, and 0.02 for COM, NC, and CROP, respectively. Table 2 presents the ANOVA 
F-test results. 
Figure 8 shows the relationship between the reflectivity index and soil moisture contents separated by the 
three treatments, soil types (Lakeland, Fuquay, and Faceville). For each treatment, there was a positive relation-
ship between the reflectivity index and soil moisture contents. Using a multiple linear regression model with the 
main effect of moisture, the main effect of soil type, and the interaction of moisture and soil type; the moisture 
and type interaction term was not significant in the model. This indicated that the slopes of the regression lines 
for the three soil types were not different. Regression line slopes were 0.03, 0.02, and 0.02 for zones 1, 2, and 3, 
respectively. Table 3 presents the ANOVA F-test results. Note that the only significant model term was moisture. 
C. V. Privette III et al. 
 
 24 
Moisture Contents (%)
R
ef
le
ct
iv
ity
 In
de
x
Y = 0.0273x + 0.1389
R² = 0.788
0
0.1
0.2
0.3
0.4
0.5
0 2 4 6 8 10 12
 
Figure 6. Effects of soil moisture contents on reflectivity index.           
 
 
Figure 7. Relationship of reflectivity index and soil moisture 
contents separated by-treatments: compacted (COM), no compaction 
(NC), and ground cover (CROP).                                   
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Figure 8. Relationship of reflectivity index and soil moisture 
contents separated by soil types: Lakeland, Fuquay, and Faceville.                       
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Table 2. ANOVA results of reflectivity index versus moisture and treatment.                                           
Source DF Sum of Squares Mean Square F Ratio Prob > F 
Moisture 1 0.37613275 0.3713275 131.0980 <0.0001 
Treatment (COM, NC, CROP) 2 0.04995747 0.0249787 8.7061 0.0004 
Treatment by Moisture 2 0.00615571 0.0030779 1.0728 0.3475 
Error 71 0.20370577 0.002869   
C. Total 76 0.68676087    
 
Table 3. ANOVA table of reflectivity index versus moisture and soil type.                                           
Source DF Sum of Squares Mean Square F Ratio Prob > F 
Moisture 1 0.30355215 0.30355215 82.8923 <0.0001* 
Soil Type 2 0.01271813 0.006359 1.7365 0.1833 
Soil Type by Moisture 2 0.00429694 0.0021484 0.5867 0.5588 
Error 73 0.26732662 0.003662   
C. Total 78 0.77412139    
 
Table 4. ANOVA table of reflectivity index versus moisture and actual compaction measure.                             
Source DF Sum of Squares Mean Square F Ratio Prob > F 
Moisture 1 0.40542071 0.40542071 131.4979 <0.0001* 
Compaction 1 0.00093599 0.00093599 0.3036 0.5841 
Compaction by Moisture 1 0.00865725 0.00865725 2.8080 0.1002 
Error 49 0.15107168 0.003083   
C. Total 52 0.58067948    
 
Table 5. ANOVA table of reflectivity index versus moisture and actual crop biomass measure.                             
Source DF Sum of Squares Mean Square F Ratio Prob > F 
Moisture 1 0.56627584 0.56627584 157.4121 <0.0001* 
Biomass 1 0.00571571 0.00571571 1.5888 0.2114 
Biomass by Moisture 1 0.00058714 0.00058714 0.1632 0.6874 
Error 75 0.26980570 0.003597   
C. Total 78 0.84252875    
 
Results so far suggested that the relationship of reflectivity and moisture was consistent, but to be sure two 
additional multiple linear regression models and analyses were developed. One model included the actual com-
paction measure of the sample plots in addition to soil moisture and the other included the actual crop biomass 
measures of the sample plots in addition to soil moisture. Table 4 and Table 5 present the ANOVA F-test re-
sults for these models. As in previous results, the interaction terms were not significant, indicating that slopes of 
the regression lines across the different compaction measures and biomass measures were not different. 
Additional analyses of the data (Figure 9) also indicated that the sensitivity of L-Band signal (1.575 GHz) to 
soil moisture contents changed with sampling depth. The relationship between reflectivity index and moisture 
was strongest (as measured by R2) in the first 5 cm of soil moisture. The R2 values decreased as the sampling 
depth increased (Figure 9), due to less GPS signal penetration. This apparent depth relationship however may 
be due to the internal soil moisture relationship of the soil profile itself. 
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Figure 9. Relationship of R2 and sampling depth. The R2 value is for 
the coefficient of determination of thereflectivity index and mositure 
linear relationship at a particular depth.                            
4. Conclusion 
A significant relationship was found between reflectivity index and moisture content, specifically the reflectivity 
index increased by approximately 0.02 as the soil moisture contents increased. In a series of multiple linear re-
gression models, the interactions of soil moisture and several factors present in the data set (such as soil com-
paction, soil type, and biomass) were found to be non-significant. This provided evidence that the relationship 
was relatively stable. These results suggest that this technology has potential for estimating soil volumetric 
moisture contents in the pursuit of site-specific irrigation management. 
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